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Abstract

In the current context in which tourism is beginning to recover, this study examines the worldwide trend of tourists tra-
veling to destinations with a low impact of the COVID-19 pandemic in a country such as Spain, which is highly dependent
on tourism activity. By employing the SEM methodology and an extended theory of planned behavior (TPB), which
includes the cognitive and affective dimensions of perceived risk about the pandemic and past behavior, the results show
the positive effect that past behavior and the core variables of the TPB have on the behavioral intentions of Spanish tour-
ists, despite the negative impact that their cognitive risk perception has on these core variables. The study’s findings have
useful practical implications for tourism authorities and stakeholders in Spain and other countries that are also highly

dependent on tourism.
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Introduction

The coronavirus disease-19 (COVID-19) pandemic has
shaken the world in a totally devastating way (Duarte
Alonso et al., 2020). One of the most affected sectors
globally has been the tourism sector, since it essentially
depends on human mobility (Hoque et al., 2020). The
UNWTO has made estimations about the potential
impact of the COVID-19 pandemic on international
tourism, indicating a 72% decline during the year 2020
and 68% during the year 2021 (UNWTO, 2022).
Nonetheless, tourism has timidly begun to recover across
the world, and two trends are observed (Arbulu et al.,
2021; UNWTO, 2020): (1) domestic tourism is recover-
ing faster than foreign tourism, and (2) there is a change
in the destinations selected by travelers who primarily
choose destinations that have a low impact of COVID-
19 (henceforth, LI-COVID-19), that is, destinations
where the 14-day cumulative incidence of COVID-19 per

100,000 inhabitants is low (less than 100). If these trends
continue in the future months, they will have significant
positive economic implications for the areas selected by
travelers, while they may jeopardize the tourism busi-
nesses of areas that, while being very attractive, have a
higher incidence of the disease. This is why studying
tourists’ intentions to travel to LI-COVID-19 zones in
the near future and the effect that the risk perception
about the coronavirus may have is vital in the current
context, especially in countries highly dependent on tour-
ism because they are the ones where the direct and indi-
rect impact on the sector has been the greatest.
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It is worth noting that in the last 3 years research has
progressed in this field, although further work is still
needed. Several researchers have investigated how the
COVID-19 pandemic could affect the tourists’ intentions
to travel in the future (e.g., Bhati et al., 2021; Poulaki &
Nikas, 2021; Xu et al., 2021). However, some of these
studies refer to countries that receive a moderate number
of tourists per year (less than 15million), so the impact
of the pandemic on their tourism industry has not been
so severe (e.g., Peric et al., 2021; Terziyska &
Dogramadjieva, 2021; Wachyuni & Kusumaningrum,
2020). Among the studies that focus on countries receiv-
ing more than 30million arrivals per year, some do not
take into account the perceived risk of COVID-19 (e.g.,
Boto-Garcia & Leoni, 2021; Kourgiantakis et al., 2021;
J. Li et al., 2020), and very few of them refer to zones or
areas that may be differentially affected by the pandemic
and therefore do not allow distinctions to be made
between destinations (e.g., Bae & Chang, 2020; Luo &
Lam, 2020). Therefore, the first gap detected in the liter-
ature is that research that (1) refers to types of tourist
destinations that depend on the incidence of the pan-
demic and (2) focuses on tourist-intensive countries is
very scarce, despite its practical relevance because the
countries receiving the most tourists are the ones that
need to make the strongest bid for recovery and need
more support from researchers.

With regard to perceived risk, it may be conceptua-
lized according to two main dimensions: cognitive risk
perception and affective risk perception. The cognitive
risk perception refers to what extent individuals believe
they are susceptible to a specific risk, while the affective
risk perception refers to the worry they feel about this
risk (Loewenstein et al., 2001). The theory says that both
dimensions are fundamental for an explanation of peo-
ple’s reactions to the possible hazards linked to their
choices (Bae & Chang, 2020). Therefore, both dimen-
sions should be treated as inseparable aspects of the same
phenomenon, even if they are different (Slovic & Peters,
2006). In fact, Loewenstein et al. (2001) show that emo-
tional reactions to risky situations often diverge from
cognitive assessments. However, two more important
gaps are observed in the literature. First, few studies take
into account both dimensions of risk; in fact, cognitive
risk perception is far more frequent in prior research
than affective risk perception (e.g., Loewenstein et al.,
2001; Sjoberg, 1998; Slovic & Peters, 2006). This scarcity
is even more alarming in the field of tourism. Second,
very few investigations pay attention to any possible rela-
tionship between these two dimensions (e.g., Altarawneh
et al., 2018), and none in the tourism literature.

Despite the above, efforts have been made by the
scholars to try to address some of these gaps. For exam-
ple, Meng et al. (2021) analyze the Chinese tourists’

intentions to travel during the pandemic by considering
their risk perception and risk knowledge. Although these
authors include the risk of COVID-19, they do not dis-
tinguish between cognitive and affective risk perceptions
and analyze the tourists’ intentions to travel without
referring to specific zones or destinations. In the same
vein, Sanchez-Canizares et al. (2020) study the impact of
the perceived risk of COVID-19 on Spanish tourists’
intentions to travel during the pandemic. Like Meng
et al. (2021), those authors do not take account of the
cognitive and affective dimensions of perceived risk and
do not distinguish between destinations affected differ-
ently by COVID-19. In contrast, Luo and Lam (2020)
focus on specific destinations, namely on “travel bubble”
destinations from Hong Kong. Travel bubbles (also
known as coronavirus corridors) are partnerships
between some destinations or countries that allow citi-
zens from those destinations to travel freely through
them. Those scholars study the relationship among the
following variables: fear of COVID-19, travel anxiety,
risk attitude, and tourists’ intentions to travel through
“travel bubbles.” However, while these authors include
risk in their research, they also fail to distinguish between
cognitive and affective risk perception. The only authors
who, to the best of our knowledge, refer to specific desti-
nations and take into account the risk of COVID-19 by
differentiating cognitive and affective risk perception are
Bae and Chang (2020). They investigate the effect that
the risk perception about COVID-19 has on the inten-
tions of South Koreans to engage in “untact tourism”
(this means tourism to destinations where direct contact
with other people is minimized). Although these scholars
are the only ones in the tourism literature to consider
cognitive and affective risk perception, they did not
investigate the possible relationships between these two
dimensions of risk, and they focused on a country that
does not have a high dependence on tourism.

In view of the above, this study will address all of the
above gaps in the following manner. First, it focuses on
Spain, which is a very touristic country and a paradig-
matic case for four main reasons: (i) Spain is the second
most visited country in the world by international tour-
ists (UNWTO, 2019); (ii) Spain relies very heavily on
tourism, since it is the country within the OECD with
the highest contribution of tourism to its GDP (OECD,
2020); (iii) the incidence of coronavirus in Spain has been
especially high (Department of Health of the
Government of Spain, 2020); and (iv) Spain is the EU
country whose GDP decreased the most in the second
quarter of 2020, largely because of its dependence on the
tourist sector. Second, this study examines the Spanish
tourists’ behavioral intention to travel to LI-COVID-19
zones, taking into account their perceived risk about the
COVID-19 pandemic and their past behavior as tourists.
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Research includes the two dimensions of risk perception
(affective and cognitive), which deserves further analysis
because the majority of investigators focus only on one
dimension. Third, the paper considers the possible rela-
tionship between these two dimensions, which, to the
best of the authors” knowledge, has never been studied in
the field of tourism research.

To this end, the theory of planned behavior (TPB) is
applied (Ajzen, 1985, 1991) The TPB focuses on the
influences that three variables (namely attitude, subjec-
tive norm, and perceived behavioral control) have on
individuals’ behavioral intentions (Ajzen, 1985, 1991). In
addition to those variables, this research integrates other
variables (considered important at the current juncture):
(1) cognitive risk perception about the COVID-19; (2)
affective risk perception about the COVID-19; and (3)
past behavior. The TPB is the theoretical framework cho-
sen to conduct this research for several reasons. First, the
TPB is one of the most widely employed theories to
explain human behavior and, as such, a large number of
papers and reviews have shown its ability to explain indi-
viduals’ intentions and behaviors in many different con-
texts (e.g., Juan et al., 2022; L. Li & Li, 2021; Ukenna &
Ayodele, 2019; Yadav & Pathak, 2017). Second, TPB has
been extensively and successfully used to conduct investi-
gations in the realm of tourism. Thus, in a systematic
review conducted by Ulker-Demirel and Ciftci (2020) on
its application in the tourism, leisure, and hospitality
management research, these authors found that since
1991, 175 high-impact papers have been published using
TPB as the sole theoretical framework and 46 articles
using TPB in combination with other theories. TPB has
attracted so much interest in the tourism field that in
Yuzhanin and Fisher (2016) analyzed its efficacy for pre-
dicting intentions to choose a travel destination. These
authors reviewed 15 research studies and concluded that
not all predictors of the model necessarily contribute to
explaining the behavioral intentions of travelers and that
extensions of the model may help to suit different set-
tings. Since that review, more than 30 high-impact arti-
cles have been published using the TPB for predicting
travelers’ intentions for choosing a travel destination.
Almost half of them refer to the COVID-19 pandemic,
although they explore the topic from a wide variety of
approaches, many of which do not take into account per-
ceived risk. For example, Girish et al. (2023) examine
South Koreans’ intentions to visit travel bubble destina-
tions by integrating the protective motivation theory and
the TPB. These authors analyze how some key dimen-
sions affecting protective motivation (such as, perceived
severity, perceived vulnerability, response efficacy, self-
efficacy, and quarantine) influence, in turn, behavior.
Among the studies that do include perceived risk, a vari-
ety of approaches are seen. For example, Liu et al. (2021)

considers the risk tolerance variable and Han et al.
(2020) and Wut et al. (2022) include the psychological
risk variable. Only Bae and Chang (2020) take into
account the affective and cognitive dimensions of risk
(although without analyzing the possible relationships
that may exist between them), thus reinforcing the impor-
tance of this study.

In view of the above, this paper is structured as fol-
lows. Section “Literature Review and Research
Hypotheses” examines the links among the variables
being studied and the proposed model. Material and
methods are presented in Section “Material and
Methods.” The main results are presented in Section
“Results.” Section “Discussion and Findings” includes
the discussion and findings. Finally, the theoretical con-
tributions, practical implications, and limitations are pre-
sented in Section “Theoretical Contributions, Practical
Implications, and Limitations.”

Literature Review and Research
Hypotheses

Various theories in social science have been used to
explore the mechanisms of human behavior in decision-
making processes. Among them, the TPB stands out
(Ajzen, 1991; X. Huang et al., 2020). The TPB is an
extension of the precedent theory of reasoned action
(TRA) proposed in Fishbein and Ajzen (1975). The
TRA suggests that an individual’s intention can be pre-
dicted from two basic determinants: attitude and subjec-
tive norm (Ajzen & Fishbein, 1980; Fishbein & Ajzen,
1975). Attitude is a personal factor that indicates an indi-
vidual’s overall evaluation of their behavior. Subjective
norm reflects the social influence, this is the perceived
social pressure from others to perform the behavior
(Ajzen, 1991; X. Huang et al., 2020). The TRA is an
accurate and widely used model to predict individuals’
decisions and behaviors, although it restricts itself to the
prediction of volitional behaviors (Sanchez-Caiiizares
et al., 2020). In order to broaden the applicability of the
TRA, Ajzen developed, several years later, the TPB
(Ajzen, 1985, 1991). The TPB is an extension of the
TRA that includes planned behavioral control as an
additional predictor of behavioral intentions. Planned
behavioral control refers to a person’s perceived capacity
to perform a behavior (Ajzen, 1991). Therefore, attitude,
subjective norm, and perceived behavioral control are
the determinants of behavioral intention in the TPB.
Based on the effectiveness that the TPB has shown in
the investigations conducted in the tourism sector, it is
going to be the conceptual basis on which this research
will be developed, although two new variables will be
added. On the one hand, the risk perception about
COVID-19 is introduced as a variable that may have an
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important impact on the predictors of the TPB (attitude,
subjective norm, and perceived behavioral control). In
this research, risk perception is conceptualized through
two main dimensions (the cognitive and affective ones).
Cognitive risk perception is related to an individual’s
perceived susceptibility and severity to risks (Bae &
Chang, 2020). Affective risk perception is related to the
anxiety and worry that an individual feels about their
exposure to risks (e.g., Sjoberg, 1998; Slovic & Peters,
2006). The impacts of these two dimensions are analyzed
separately. Additionally, the influence that cognitive risk
perception has on affective risk perception is explored.
On the other hand, past behavior is included to investi-
gate its influence on Spanish behavioral intention and
also on the predictors of the TPB. Past behavior of tour-
ists (which in this case means whether they travelled fre-
quently before the pandemic or not) is an important
variable to see to what extent having past experience of a
certain behavior can help to deal differently with an
alarming international situation.

Perceived Risk: Cognitive and Affective Risk
Perceptions

Tourism is inevitably associated with risk (Williams &
Balaz, 2013). Thus, as tourism has spread across the
globe, more attention has been paid to safety and risks
in the travel experience (Cui et al., 2016). Therefore, the
number of scientific papers related to risk and safety in
tourism has greatly increased since the 1970s, though a
remarkable qualitative leap has taken place over the past
two decades due in part to some calamities that have
shaken the tourism sector worldwide, such as the 2003
SARS outbreak, the Asian Tsunami, or the COVID-19
pandemic (e.g., Sonmez & Graefe, 1998; Ugur &
Akbiyik, 2020). The risk conceptualization has been car-
ried out in different ways in risk literature (and with dif-
ferent constructs), so there is no single approach or
uniformity in understanding its impact on travelers’
intentions.

Firstly, scholars distinguish between two main types
of risk: real risk and perceived risk. The first one refers
to the risk that objectively exists in reality at a given
moment in time, and the second one refers to the subjec-
tive assessment of the real risk made by individuals (Cui
et al., 2016). Specifically, perceived risk can be under-
stood as a person’s subjective belief of the potential of
suffering a loss while seeking a desired outcome (Bauer,
1960). The vast majority of studies in tourism literature
focus on perceived risk since tourists have limited infor-
mation (they do not know the real risks nor do they have
the means to calculate them), and they are only con-
cerned with a few possible outcomes of risk that are
related to themselves as individuals (Yang & Nair, 2014).

Therefore, this is the type of risk taken into account in
this research.

Secondly, perceived risks may derive from multiple
sources that are related to the issues that concern trave-
lers when they are planning or making a trip.
Consequently, scholars have identified various sources of
risk (and, depending on these, several types of perceived
risks). For example, Roehl and Fesenmaier (1992) identi-
fied three main sources of perceived risks for travelers:
physical-equipment, vacation, and destination risks.
Sonmez and Graefe (1998) showed 10 sources of risk
associated with international travel and the subsequent
10 types of risk: equipment, physical, financial, health,
political, psychological, social, satisfaction, terrorism,
and time risk. Reisinger and Mavondo (2006) presented
the same risks as Sonmez and Graefe (1998) plus three
additional ones: crime, cultural, and performance risk.
Obviously, tourists may perceive one or more types of
risk (and their combinations) when planning or making
a trip. Among them, health risk has become a primary
concern for travelers, having an influence on tourist deci-
sions and behaviors (C.-K. Lee et al., 2012; L. Li et al.,
2020).

Thirdly, every kind of perceived risk can be explored
based on two dimensions: cognitive and affective (Yang
& Nair, 2014). The cognitive risk perception refers to
how susceptible individuals believe they are to a specific
risk, while the affective risk perception refers to the
worry they feel about this risk (Loewenstein et al., 2001).
Cognitive and affective risk perceptions are two impor-
tant dimensions of perceived risk. However, prior litera-
ture has focused more on the cognitive one (this is on the
intellectual judgments on risk), making investigations
that include the affective one (this is emotional feelings)
more scarce (e.g., Bae & Chang, 2020; Loewenstein
et al., 2001; Sjoberg, 1998). Notwithstanding this, con-
sumer psychology researchers insist on the idea that cog-
nition and emotion are inseparable because they are two
sides of the same coin (Slovic & Peters, 2006; Yang &
Nair, 2014). However, as Loewenstein et al. (2001) con-
tend, intellectual judgments and emotional reactions are
not the same and do not always converge. In fact, there
may be positive influences between them as indicated by
authors such as Altarawneh et al. (2018), Loewenstein
et al. (2001), or Sundblad et al. (2007).

Based on these studies, the following hypothesis has
been developed:

H1. Cognitive risk perception has a positive influence
on affective risk perception.

Previous research has also shown that perceived risk
can have an impact on attitude, subjective norm, and
perceived behavioral control (e.g., Ajzen, 1985; Choi
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et al., 2013; C. L. Huang, 1993; Quintal et al., 2010;
Sanchez-Canizares et al., 2020). Since perceived risk is
considered as an expectation of something negative or a
probable potential loss, it expected to have a negative
influence on the predictors of the model or, in other
words, on the predictors of the intention to perform an
action. However, this influence should be positive when
that action implies having a protective behavior because
the perception of risk would lead to enhancing this pro-
tective behavior. Many authors have shown these effects
in a variety of contexts. For example, M.-C. Lee (2009)
showed evidence of the negative influence that various
types of perceived risk (namely, performance, social,
time, financial, and security risks) have on attitudes
toward online banking use and on subjective norm.
Likewise, Zhang and Luo (2021) verified that perceived
risk has a negative effect on consumers’ attitude toward
buying remanufactured products. In contrast to these
examples, literature has also provided evidence of the
positive effect that perceived risk may have on the pre-
dictors of the model when exploring intentions or beha-
viors related to a protective action. For example,
Rahmafitria et al. (2021) showed how the risk perception
of COVID-19 increases both a person’s attitude toward
observing physical distancing and his or her behavioral
control in observing that distance. In the same vein,
Schmiege et al. (2009) expected a positive association
between perceived risk and attitude towards flossing
(although they did not find significant results).

These relationships have also been observed in
research conducted in the tourism sector. Quintal et al.
(2010) found that the perceived risk of visiting Australia
on a holiday negatively influences attitudes towards that
experience. Sanchez-Caiiizares et al. (2020) demonstrated
that the perceived risk of travel during the COVID-19
pandemic negatively affects travel attitude and perceived
behavioral control. The only authors who separately
study the effect of cognitive risk perception and affective
risk perception on the variables attitude, subjective
norm, and perceived behavioral control are Bae and
Chang (2020). Since these scholars looked into a protec-
tive behavior (which involves sightseeing while minimiz-
ing direct contact with people), they have explored the
positive effect of cognitive and affective risk perceptions
on predictors of TPB.

Therefore, based on prior literature, the following
hypotheses have been developed:

H?2. Cognitive risk perception has a positive influence
on attitude.

H3. Affective risk perception has a positive influence
on attitude.

H4. Cognitive risk perception has a positive influence
on subjective norm.

H5. Affective risk perception has a positive influence
on subjective norm.

H6. Cognitive risk perception has a positive influence
on perceived behavioral control.

H7. Affective risk perception has a positive influence
on perceived behavioral control.

Core Variables of the TPB

Attitude, subjective norm, and perceived behavioral con-
trol are core variables in the TPB (Ajzen, 1985, 1991).
Accordingly, extensive research in the tourism literature
shows that the core variables of TPB (attitude, subjective
norm, and perceived behavioral control) are powerful
predictors of the intentions and behaviors of tourists.
For instance, Sparks (2007) found that subjective norms
and perceived behavioral control have a positive impact
on the behavioral intention of tourists to take a wine-
based vacation in Australia. Han and Kim (2010) also
showed that attitude, subjective norm, and perceived
behavioral control have a direct influence on the custom-
ers’ intention to revisit a green hotel. More recently, Bae
and Chang (2020) have studied the effect of COVID-19
risk perception on the “untact” travel intentions of South
Koreans. They showed evidence that attitude, subjective
norm, and perceived behavioral control have a significant
positive influence on their behavioral intention. Likewise,
many scholars have studied the existing relationships
among those core variables (e.g., Han & Kim, 2010;
Ukenna & Ayodele, 2019). Based on prior literature stud-
ies, the following hypotheses have been developed:

HS. Attitude has a positive influence on behavioral
intention.

H9. Subjective norm has a positive influence on beha-
vioral intention.

HI0. Perceived behavioral control has a positive
influence on behavioral intention.

HI1I. Subjective norm has a positive influence on
attitude.

H 2. Subjective norm has a positive influence on per-
ceived behavioral control.

Past Behavior

According to Ajzen (1991), the TPB is open to being
extended by including additional predictors if they can
increase the predictive accuracy of the model once the
original TPB constructs have been taken into account.
One of the frequently proposed additions to the TPB is
past behavior. Past behavior may play an important role
in explaining intentions and behaviors because (1) people
tend to maintain behavioral persistency (Cialdini, 1988)
and (2) the repetition of a behavior can help to create a
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habit and thus increase individuals’ perceived control
over a type of behavior (Ajzen, 1991). Many scholars
have demonstrated that the relationships between past
behavior and intentions or behaviors may be direct (e.g.,
L. Li et al., 2020; Shevlin & Goodwin, 2019) or indirect
through the predictors of the model (e.g., D. J. Brown
et al., 2020; Thamthanakoon et al., 2021; Vallejos et al.,
2023). Ouellette and Wood (1998) conducted a meta-
analytic synthesis of prior research related to past beha-
vior, and they found that in the case of behaviors that
are well practiced and performed in stable contexts, past
behavior is a direct predictor of future acts. They also
indicated that behaviors that occur in changing contexts
are likely to require conscious decision-making and in
that case the effects of past behavior are likely to be
mediated by attitude, subjective norm, and perceived
control.

Many authors have also included past behavior when
applying the TPB in the field of tourism (e.g., Cheng
et al., 2005; Lam & Hsu, 2006; Ouellette & Wood, 1998;
Sonmez & Graefe, 1998; Sutton, 1994). Many of them
show evidence that past behavior has a direct and signifi-
cant influence on intentions and others, although fewer,
show that past behavior influences the other predictors
in the model. Concerning the direct effect on intentions,
Sonmez and Graefe (1998) found that, in the case of
international trips, previous international travel experi-
ence has a positive impact on future travel intentions,
even when travelers are exposed to various types of risks.
Likewise, Lam and Hsu (2006) contended that the inclu-
sion of past behavior enhances the predictive ability of
the original TPB when analyzing the behavioral inten-
tions of Taiwanese travelers to revisit Hong Kong.
Concerning the effect on the predictors of the model and
the intentions, Shen et al. (2009) showed that past beha-
vior has an impact on both the Chinese travelers’ inten-
tion to visit world cultural heritage sites and on other
predictors of the model. Additionally, when evaluating
the intentions of individuals to visit green hotels in
Taiwan, Kun-Shan and Yi-Man (2011) observed that
past behavior significantly influenced behavioral inten-
tion, and that this influence was partially mediated by
the other predictors of the TPB.

Based on prior literature, and taking into account the
changing context drawn by the pandemic, the impact of
past behavior on both intentions and the predictors of
the model are explored through the following
hypotheses:

HI3. Past behavior has a positive influence on
attitude.

H 4. Past behavior has a positive influence on subjec-
tive norm.

H15. Past behavior has a positive influence on per-
ceived behavioral control.

H16. Past behavior has a positive influence on beha-
vioral intention.

In view of the above, an extended TPB is proposed
(Figure 1).

Material and Methods

Sample and Data Collection

Our target population is Spanish residents who are
engaged in tourism and use social media. The informa-
tion was collected via two social networks: Facebook
and Instagram.

We opted for voluntary response sampling, principally
due to the ease of access for participants. However, this
technique, which is part of the non-probability sampling
methods, has a higher risk of sampling bias, specifically
self-selection bias, which may affect the generalizability
of the results obtained. To reduce this bias, before con-
ducting the survey, we provided potential participants
with information regarding the study’s objectives.

A double segmentation criterion was used to select
the sample based on territory and age. With respect to
age, both social networks were used because of the dif-
ference in user age, thereby preventing sample bias. On
average, Instagram users are under 40years of age, in
contrast to Facebook, where the typical user profile is
over 40. Regarding the territory, the target country was
Spain, albeit segmented by autonomous regions. In this
sense, a campaign was designed by autonomous regions
(19 in total) for both Facebook and Instagram. In addi-
tion, the Spanish population pyramid was used as a ref-
erence for age segmentation in each autonomous region.

Data collection was performed in two stages. First, a
pre-test was carried out on both social networks between
June 29 and July 3, 2020, to ensure the validity of the
measures. A dissemination campaign was designed and
included the study’s purpose and a link to the survey.
The survey was conducted using the Survey Monkey
software. A total of 277 valid responses were obtained,
and the validity of the questionnaire could be assessed
on the basis of response time, content, translation, com-
prehension, and comments made by respondents.
Second, this study’s final sample was collected between
September 23 and September 29, 2020, totaling 611
responses (Alvarez—Garcia et al., 2022).

G*Power software (Faul et al., 2007, 2009) was used
to define the minimum sample size required. The input
parameters used were a minimum power of 0.80, a = .05,
and an effect size f2 smaller than 0.04.
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COGNITIVE RISK
PERCEPTION
(CRP)

AFFECTIVE RISK
PERCEPTION
(ARP)

RISK PERCEPTION

SUBJECTIVE NORM
(SN)

PERCEIVED
BEHAVIOURAL
CONTROL (PBC)

PAST BEHAVIOUR
(PB)

BEHAVIOURAL
INTENTION
(B1)

Figure |. Proposed research model.

The questionnaire guaranteed the respondent’s anon-
ymity. No personal data that could identify participants
was collected. Before accessing the questionnaire, an
explanatory text was included, detailing the purpose of
the study, the type of information requested, and the
academic use the information would be put to. The pro-
cess for obtaining participants’ consent required two
clicks: the first to enter the questionnaire link and the
second at the end of the questionnaire for submission
and final consent. Therefore, the participants (always of
legal age) were informed and gave their consent freely.

Table 1 summarizes the characteristics of the respon-
dents based on six demographical variables: age, gender,
education, employment situation, place of residence, and
work stability. The number of valid responses amounted
to 611.

Instrument Development

The research model includes seven variables: four of
them (attitude, subjective norm, perceived behavioral
control, and behavioral intention) from TPB, two (cogni-
tive risk perception and affective risk perception) from
the literature related to risk perception, and one (past
behavior) from the investigations that highlight the
importance of past behavior in tourism activities. The
variables of the TPB were operationalized with four
items each, as suggested by previous research (Ajzen,

1991), except for perceived behavioral control, which
included only three items. The first item of the original
questionnaire was deleted because it had a poor factor
loading (lower than 0.40) on its factor, as suggested by
Hair et al. (2010). Risk perception was defined as the
level of risk perceived by an individual in relation to
COVID-19, and it was operationalized with two vari-
ables to include cognitive and affective risk perception,
with four items each (Bae & Chang, 2020; Brug et al.,
2004). Past behavior was assessed with a single item, fol-
lowing several scholars (e.g., Ajzen, 1991; Kun-Shan &
Yi-Man, 2011; Lam & Hsu, 2006). The item was
“Number of trips made in 2019.” The variables from TPB
were rated on a 7-point Likert scale, ranging from
strongly disagree (1) to strongly agree (7). The variables
of cognitive and affective risk perception were rated on a
7-point Likert scale ranging from not at all (1) to very
much (7). Originally, these scales were written in English.
Using back translation, the questionnaire was written in
English and then translated into Spanish.

Results

Data Analysis

Preliminary analyses were carried out with SPSS version
26. First, data screening was performed, and frequencies
and a correlation matrix were computed. Next, validity
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Table I. Respondents’ Characteristics.

Category Frequency (%)
Age

<30 14.6
3143 21.8
44-55 26.2
56-68 284
>69 9.0
Gender

Female 67.6
Male 324
Education

Primary education 1.8
Secondary school 4.1
High school 10.0
Vocational training 17.5
University 66.6
Employment situation

Employee 504
Self-employed 84
Unemployed 13.1
Retired 223
Student 59
Place of residence (autonomous region)

Andalusia 14.3
Aragon 2.5
Asturias 44
Balearic Islands 3.0
Canary Islands 54
Cantabria 1.5
Castilla La Mancha 4.1
Castillay Leon 59
Catalonia 14.1
Valencia 10.0
Extremadura 23
Galicia 5.7
La Rioja 0.8
Madrid 16.1
Murcia 34
Navarre 1.3
Basque Country 4.8
Ceuta 0.3
Melilla 0.2
Work stability

Yes 71.2
No 2838
Note. N=611.

and reliability were tested by means of Cronbach’s alpha,
the composite reliability (CR), and the average variance
extracted (AVE). These indicators assess the psycho-
metric quality of the scales.

Cronbach’s alpha values exceeding .70 meet the
threshold (Nunnally & Bernstein, 1994). CR values
greater than 0.60 show acceptable reliability (Bagozzi &
Yi, 1988). AVE values greater than 0.50 are acceptable,
indicating convergent validity (Fornell & Larcker, 1981).
The content validity of a test determines how well it

measures the domain intended to be measured (Hair
et al., 2010). Three scholars in the field of management
validated the measures. Then, the variance inflation fac-
tor and tolerance values were computed to rule out mul-
ticollinearity issues. VIF values between 1 and 10 and
tolerance values greater than 0.10 diagnose a lack of
multicollinearity problems (Hair et al., 2010).

Structural equation modeling (SEM) analyses were
carried out with Amos version 26. First, the measure-
ment model was examined via confirmatory factor analy-
sis. Next, Harman’s single factor was conducted to test
the presence of common method bias. Then the seven-
factor structural model and an alternative model (with-
out the direct paths from cognitive risk perception to
affective risk perception, cognitive risk perception to
subjective norm, and affective risk perception to subjec-
tive norm) were studied. Finally, hypotheses were tested
with SEM, performing bootstrapping with 200 samples
and 95 bias-corrected confidence intervals to evaluate
the indirect relationships (MacKinnon et al., 2012).
When confidence intervals do not include zero, hypothe-
sized relationships are significant. The maximum likeli-
hood estimation method was used to analyze the
covariance matrix (T. A. Brown, 2006). When examining
both the measurement and the structural models, the
sub-dimensions of the constructs were used as indicators
of their factors. Past behavior was reported as an
observed variable with a single indicator.

We used multiple fit indices to assess the model fit,
following Bollen (1989) and Bentler’s (1990) guidelines,
namely the chi-square (x%) statistic, the Normed Fit
Index (NFI), the Tucker-Lewis Index (TLI), the
Comparative Fit Index (CFI), and the Root Mean
Square Error of Approximation (RMSEA). Non-signifi-
cant values of x? indicate good fit, but this test is very
sensitive to sample size (Bollen, 1989). Values of NFI,
TLI, and CFI greater or equal to 0.90 are indicative of
good fit, and RMSEA values around 0.06 are acceptable
(L. T. Hu & Bentler, 1999).

Descriptive Statistics

Table 2 summarizes the means, standard deviations, and
correlations among demographic variables and the con-
structs under study. Most of the correlations were in the
expected direction and significant at the .05 level or
lower. The highest values are found between attitude
and subjective norm (.728), attitude and behavioral
intention (.736), and between subjective norm and beha-
vioral intention (.671). Additional analyses were con-
ducted to explore multicollinearity and both VIF and
tolerance values met the cut-off values. Therefore, multi-
collinearity may not be a potential risk in this study.
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university; age:

vocational training, 5
student; work stability: | =yes, 2

high school, 4=

secondary school, 3

self-employed, 3 = entrepreneur, 4

male; place of residence: from | to 19 according to Table |; education: | = primary school, 2
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Note. Gender: | =female, 2

=no.

unemployed, 5 =retired, 6

employee, 2=

>69; employment situation: |

56-68, 5=

31-43,3=

p <.0l. **p <.05.

under 30, 2

EE Y

Measurement Model

All standardized factor loadings were statistically signifi-
cant at p < .001 onto their latent variables. The seven-
factor model showed an acceptable fit to the data
(X’[215] = 725.798; p < .001; NFI = 0.926; TLI = 0.935;
CFI = 0.942; RMSEA = 0.062). The one-factor model
shows poor fit to the data (x°[230] = 5,749.637; p < .001;
NFI = 0.575; TLI = 0.543; CFI = 0.585;
RMSEA = 0.198), thus supporting the distinctiveness of
these factors. All dimensions were loaded on a single fac-
tor to test for common method bias, and results demon-
strate that the single factor explains less than 50% of the
total variance (Podsakoff et al., 2003).

Table 3 presents reliability, validity, standardized esti-
mates for all the measurement items, skewness, and kur-
tosis values. Results show that all estimates are greater
than .50 on their respective factors (Kline, 2011).
Cronbach’s alpha, composite reliability, and average var-
iance extracted values exceed the .70, .60, and .50 cut-off
values, respectively, thus supporting the reliability and
validity of the measures used (Bagozzi & Yi, 1988;
Fornell & Larcker, 1981; Nunnally & Bernstein, 1994).
Moreover, discriminant validity is granted because the
AVE is greater than the variance between the latent vari-
able and other constructs in the proposed model. Data
do not deviate much from a normal distribution, hence
meeting the assumptions of normality.

Structural Equation Modeling

The hypothesized relationships were analyzed using SEM.
We controlled for five demographic variables that posi-
tively correlated with some of the constructs: gender,
region of residence, education, employment situation, and
work  stability. Both  the  proposed  model
([358] = 1,060.021; p < .001; NFI = 0.930; TLI = 0.943;
CFI = 0.949; RMSEA = 0.057) and the alternative model
(’[241] = 952.522; p < .001; NFI = 0.910; TLI = 0.921;
CFI = 0.927, RMSEA = 0.071) had a good fit. However,
the hypothesized model had a better fit. Table 4 displays
the proposed model’s structural parameter estimates for
the control variables and the constructs.

Hypotheses 1, 3, and 8-16 are supported because the
standardized paths are statistically significant at the 0.05
level. Hypotheses 2, 4, 5, and 6 are partially supported;
these relationships are statistically significant, but the
direction is negative. This will be further developed in the
discussion section. However, hypothesis 7 is not supported
because this relationship is not statistically significant at
the usual levels. This latter hypothesized relationship is
not statistically significant in this study (p > .05).

The proposed model serves as a means to examine the
concept of mediation within our study, as it assesses the
intermediary processes through which certain variables
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Table 3. Reliability and Confirmatory Factor Analysis Properties.

Constructs Standardized estimate Cronbach’s alpha CR AVE Skewness Kurtosis
CRP

CRPI 0.847*** 821 0.823 0.546 0.501 —0.159
CRP2 0.792%***

CRP3 0.647***

CRP4 0.648 (fixed)

ARP

ARPI 0.766 (fixed) .882 0.887 0.663 —0.625 0.661
ARP2 0.883***

ARP3 0.802%***

ARP4 0.722%**

AT

ATI 0.907*** .943 0.946 0.8I15 —0.457 —1.045
AT2 0.956%**

AT3 0.93 | ***

AT4 0.804 (fixed)

SN

SNI 0.934%*** .957 0.957 0.847 0.137 —1.247
SN2 0.939%***

SN3 0.940%***

SN4 0.866 (fixed)

PBC

PBCI 0.91 | *** 750 0.795 0.577 —0.195 —0.921
PBC2 0.791***

PBC3 0.525 (fixed)

Bl

Bl 0.968 (fixed) .964 0.965 0.873 0.095 —1.435
BI2 0.960%***

BI3 0.905%***

Bl4 0.886***

Note. CRP = cognitive risk perception; ARP = affective risk perception; AT = attitude; SN = subjective norm; PBC = perceived behavioral control;
Bl =behavioral intention; CR = composite reliability; AVE = average variance extracted.

wxsp < 0.

influence one another. Evidence of indirect effects was
only found from cognitive risk perception to perceived
behavioral control via affective risk perception (CI
[—0.234, —0.094], p < .05), from subjective norm to
behavioral intention (CI [0.351, 0.551], p < .05), from
cognitive risk perception to behavioral intention (CI
[—0.305, —0.163], p < .01), and from affective risk per-
ception to behavioral intention (CI [—0.198, —0.035],
p < .05). These indirect paths are significantly different
from zero at the 0.05 level.

Discussion and Findings

The main findings of this study are as follows. The first
one is related to the relationship between cognitive and
affective risk perceptions. The results confirm that cogni-
tive risk perception has a positive impact on affective risk
perceptions. This means that people’s perceived probabil-
ity of becoming infected by COVID-19 (assessed on the
basis of objective features such as daily data related to the
pandemic evolution) has a direct influence on the worry

and anxiety that potential travelers feel. These results are
consistent with the findings of other scholars, such as
Altarawneh et al. (2018) and Sundblad et al. (2007).
Therefore, this paper reinforces the line of research that
argues that it is necessary to include both perceptions of
risk and also to take into account possible relationships
between them, especially in the tourism field where this
type of study is scarce. Since the beginning of the pan-
demic, several authors have studied how perceived risk
about COVID-19 has influenced tourists’ behavior and
how news consumption has influenced risk perception
(Chemli et al., 2022; Seyfi et al., 2021). In the particular
case of Spain, Mora-Rodriguez and Melero-Lopez (2021)
also show that people most exposed to news content dur-
ing the pandemic are those who have had higher risk per-
ceptions about COVID-19. Although these authors do
not distinguish between cognitive and affective risk per-
ceptions, their findings also bolster the idea that cognitive
perception influences emotional perceptions.

The second key finding is related to the impacts that
the two dimensions of perceived risk have on the core
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Table 4. Structural Parameter Estimates.

Standardized path Cl lower bound ClI upper bound p-Value Result
Gender — SN 0.029 0.187 .019

Gender — ARP —0.191 —0.006 .032

Residence — SN 0.089 0.241 .005

Education — AT 0.047 0.152 .012

Education — SN 0.036 0.193 .021

Employment situation — AT —0.165 —0.025 .0I8

Stability — PBC —0.179 —0.056 .0lé

HI. CRP —ARP 0.324 0.497 .009 Supported

H2. CRP — AT —0.195 —0.047 .004 Partially supported
H3. ARP — AT 0.008 0.146 .023 Supported

H4. CRP — SN —0.263 —0.054 .013 Partially supported
H5. ARP— SN —0.302 =0.112 012 Partially supported
Hé6. CRP — PBC —0.212 —0.038 .008 Partially supported
H7. ARP— PBC —0.111 0.066 .349 Not supported
H8. AT — BI 0.193 0.375 0I5 Supported

H9. SN — BI 0.010 0.240 .032 Supported
HI10.PBC — BI 0.277 0.501 013 Supported
HIl.SN— AT 0.631 0.748 .007 Supported
HI2.SN — PBC 0.562 0.721 .015 Supported
HI3.PB— AT 0.102 0.245 .008 Supported
HI14.PB— SN 0.272 0.434 .003 Supported

HI5. PB— PBC 0.122 0.276 .005 Supported
HI16.PB— BI 0.254 0411 .008 Supported

Note. Cl = confidence interval; CRP = cognitive risk perception; ARP = affective risk perception; AT =attitude; SN = subjective norm; PBC = perceived

behavioral control; PB = past behavior; Bl =behavioral intention.

variables of the TBP. As expected, the results show that
these two dimensions behave differently. However, the
signs of the relationships between the two dimensions of
perceived risk and the core TPB variables are not as
expected. Since traveling to LI-COVID-19 areas implies
a protective action with respect to the pandemic, the
signs of the relationships between perceived risk and the
model predictors were expected to be positive (as previ-
ously demonstrated by authors such as Rahmafitria
et al. (2021) or Schmiege et al. (2009). However, in this
research cognitive risk perception has a negative influ-
ence on attitude, subjective norm, and perceived beha-
vioral control, while affective risk perception has a
positive (although weak) influence on attitude, a negative
influence on subjective norm, and no significant influ-
ence on perceived behavioral control. This means that
people’s cognitive assessments lead to: (1) having a less
favorable attitude toward traveling even to LI-COVID-
19 zones; (2) downplaying the importance of family and
friends’ opinions about traveling to LI-COVID-19 zones;
and (3) feeling less control over the circumstances of the
travel to those zones. It also means that people’s affec-
tive reactions lead to: (1) having a more positive attitude
toward traveling to zones less heavily hit by COVID-19;
and (2) giving less importance to the influence that social
pressure may exert when it comes to visiting those zones.

Concerning these relationships, it should be noted
that the Spanish Sociological Research Center conducts
a monthly survey to measure the state of public opinion
in the country at any given time. The September 2020
survey asked about the COVID-19 pandemic, and 51%
of the respondents said they were very concerned about
it, and 42% said they were quite worried (CIS, 2020). In
the September 2021 and September 2022 surveys, con-
cern was still very present: in 2021, 39% of respondents
felt very concerned and 47% were quite concerned, and
in 2022, 19% of respondents felt very concerned and
34% quite concerned (CIS, 2021, 2022). These figures
reflect that the COVID-19 pandemic is a matter of par-
ticular concern to Spanish people, which might explain
why intellectual judgments about pandemic risks reduce
their sense of control and encourage them to have a neg-
ative attitude towards travel to LI-COVID-19 zones
(even if they are safer) and give little importance to social
pressure. In the case of emotional feelings about the pan-
demic risks, there is also a tendency to give less impor-
tance to social pressure, although the attitude to travel
to LI-COVID-19 zones is favorable and there is no influ-
ence on the feeling of control. In line with Loewenstein
et al. (2001) and Oh et al. (2015), these results show that
emotional reactions to risky situations are very often dif-
ferent from cognitive assessments, highlighting the
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importance of considering both dimensions of perceived
risk. The only authors who have so far considered these
two dimensions separately when studying travelers’
behavioral intentions are Bae and Chang (2020). These
authors found a significantly positive impact of affective
risk perception on attitude (which confirms our results),
although (in contrast to this paper) they also found a sig-
nificantly positive impact of cognitive risk perception on
subjective norm. Therefore, this lack of homogeneity in
the conclusions obtained underlines the need for addi-
tional research in this field.

The third key finding is related to the predictors of the
TPB model. Perceived behavioral control, attitude, and
subjective norm have a positive impact on intentions to
travel to LI-COVID-19 zones, showing that, as expected,
they are good predictors of intentions. These results are
in line with the findings of many scholars that in the
realm of tourism have studied the impact of the TPB pre-
dictors to explain the behavioral intention of travelers
(e.g., Girish et al., 2023; Han et al., 2020; Han & Kim,
2010; Lam & Hsu, 2006; Liu et al., 2021; Yadav &
Pathak, 2017). This research also reveals that attitude
and perceived behavioral control have a stronger impact
on behavioral intention than subjective norm, demon-
strating that the opinions of others do not weigh as heav-
ily on future intention to travel to LI-COVID-19 zones
as personal opinions or perceived control. Other scholars
who have indicated that social pressure is not as impor-
tant as the other variables in explaining travel intentions
in the pandemic or post-pandemic context are Bae and
Chang (2020), A. Hu et al. (2023), or Sanchez-Canizares
et al. (2020). However, there are also authors who have
shown that social pressure is more important than the
other predictors. (e.g., Calder et al., 2022; Girish et al.,
2023; Han et al., 2020; Liu et al., 2021). Therefore, all
these results confirm what was expressed by Yuzhanin
and Fisher (2016) in their review on the use of TPB to
explain travelers’ behavioral intentions “there is nothing
in the TPB suggesting that all the constructs of the model
must contribute equally, significantly and simultaneously
to behavioral intentions.”

The fourth key finding is the positive and strong asso-
ciation of subjective norms with attitude and perceived
behavioral control. This means that the subjective norm
reinforces attitude and the perceived sense of control
when traveling to LI-COVID-19 zones. Many scholars
have also shown positive influences among the predictors
of the model in the literature. For example, Ukenna and
Ayodele (2019) observed that both subjective norm and
perceived behavioral control have a positive effect on
customers’ attitude toward patronizing sustainable street
food vendors. Likewise, A. Hu et al. (2023) found that
the subjective norm and the perceived behavioral control

positively influence the attitude of Shanghai residents
toward traveling abroad. Other scholars who have exam-
ined the influence of the subjective norm on attitude in
research that focuses on analyzing potential travelers’
intentions to choose a specific destination are Girish
et al. (2023), Han and Kim (2010), and Han et al. (2020).
All of them found that subjective norm has influence on
the attitude towards traveling and that this influence is
strong and positive.

The fifth key finding is related to the significant and
positive influence of past behavior on the predictors of
the TPB and on behavioral intention. Many scholars,
such as Ouellette and Wood (1998) and Kun-Shan and
Yi-Man (2011), found that past behavior had a signifi-
cant impact not only on behavioral intention but also on
attitude, subjective norm, and perceived behavioral con-
trol. Therefore, the experience of the past encourages
tourists to visit LI-COVID-19 destinations despite the
difficulties that the whole world has been experiencing
since the onset of the COVID-19 pandemic. It should be
noted that Spanish citizens travel frequently, and there-
fore, their past experience is an important variable in
explaining their behavioral intentions. In 2018, Spain
was the third most traveled country in the European
Union, behind only Germany and France (Eurostat,
2018). In 2019, Spanish travelers made more than
190 million trips, with spending exceeding €45 billion
(Epdata, 2021). These figures were drastically reduced in
2020, although in 2021 the number of trips exceeded
140 million (97.7% being domestic trips).

Theoretical Contributions, Practical
Implications, and Limitations

The theoretical contribution of this paper lies in four key
points. First, it investigates for the Spanish case the cur-
rent worldwide trend of traveling to LI-COVID-19 desti-
nations and demonstrates that this trend will be
maintained in the coming months, even though the tour-
ists’ cognitive risk perception about the COVID-19 pan-
demic negatively influences their attitude towards
choosing this type of destination, the social pressure they
perceive, and their perceived behavioral control.
Secondly, it shows a holistic view of the risk perception
of COVID-19, which includes both its cognitive and
affective dimensions and the relationship between them.
This holistic view is novel in the literature on the tourism
industry. Thirdly, it shows the importance of past experi-
ence on the behavioral intentions of tourists, despite liv-
ing in an extraordinary and totally unpredictable
situation. Fourth, it focuses on a country highly depen-
dent on tourism, so the findings can be very useful for
other countries that also rely heavily on tourism.
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Based on the key points analyzed and the findings
presented, several major practical recommendations arise
from this research. On the one hand, the Spanish author-
ities and tourism stakeholders should encourage domes-
tic tourism through information campaigns because it is
the one that is performing the best (in fact, it accounts
for more than 90% of the trips that are undertaken).
These campaigns should reinforce the feeling of control
and security among tourists because this is the strongest
variable associated with the intentions of the Spanish to
travel to LI-COVID-19 zones. On the other hand, it is
important to advertise the safer zones (and to continue
to provide daily information on the evolution of the pan-
demic) so that travelers can plan a trip with a sense of
security and peace of mind that helps them reassert their
perceived control.

Finally, it should be noted that this research is not
free of limitations. The first limitation of this study is the
cross-sectional nature of the data and the use of a single
source (tourists) to obtain the data, which may impede
causal inferences and increase the likelihood of bias.
Future research should conduct longitudinal studies to
expand the present model with reversed causation and
use several sources (perceptions of other stakeholders or
companies, for example) to enhance the robustness of
the results. Secondly, this study focused on the Spanish
tourism sector, which may limit the generalizability of
results. Future studies should analyze the proposed rela-
tionships in other geographical areas to better under-
stand tourists’ intentions to travel. Thirdly, this study
has been conducted in a specific time context. Therefore,
the results should be interpreted with caution because
the general context is changing every day and the con-
stant adaptation to the specific circumstances of each
moment becomes necessary.
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